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Abstract

This research paper presents a Support Vector Machine
model for survival prediction in breast cancer patients. The
research is an experimental research, which has contributed by
cancer prognostic patients with the amount of 138 records 34
features. By doing the research, the dataset of theses patients
would transition into machine learning model to survival prediction
by training method and testing the efficiency of prediction based
on the 3-fold cross validation. The results of experiment show
that survival prediction model by Support Vector Machine
Technique reaches 80.30%, accuracy, while Back-Propagation
Neural Networks and Decision Tree technique approaches
76.76% and 72.72% of measuring the accuracy of survival

prediction, respectively
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